This paper sheds new light on the much debated issue of how corporations can do well and do good by focusing on the multidimensional nature of corporate social responsibility and acknowledging model uncertainty. Model averaging, a formal statistical framework which explicitly accounts for specification uncertainty, is introduced in the literature and applied to a unique database matching the economic and environmental and social performance of 461 large European firms. Hereby the composition of profitability-linked corporate social responsibility is unveiled and reveals the importance of good business behavior with customers and suppliers. Strong and novel support is also brought to the coexistence of corporate policies monotonically related to economic performance (human resources) and policies with optimal level (environment), hence reconciling competing theories. Implications for business and further research are discussed.
INTRODUCTION
dimensional theories. Theoretical guidance is thus lacking on the relative importance and combined effects of multiple CSR dimensions to explain financial performance. Brock and Durlauf (2001) refer to this as open-endedness: theories are likely to be non mutually exclusive.
Hereby the postulate is made that the lack of consensus observed in the literature on how corporations can do well and do good arises from both the necessity to acknowledge model uncertainty in this debate and the need to account for the multidimensional nature of CSR.
In order to do so, model averaging is introduced in the CSR literature and CSR disaggregated into multiple corporate policies. Model averaging was designed to specifically address model uncertainty by simultaneously weighing evidence for multiple models depicting alternative working hypotheses (Doppelhoffer, 2007) . It has been extensively used in growth economics (Sala-i-Martin et al., 2004) and macroeconomic forecasts (on UK inflation Garrat et al., 2003; on GDP Koop and Doing Well and Doing Good: a Multi-Dimensional Puzzle 4 Potter, 2004; on exchange rate Wright, 2008) . It also proved to be a powerful tool in monetary policy evaluation (Levin and Williams, 2003; Brock and Durlauf, 2007) and finance (on the determinants of currency crises Crespo-Cuaresma and Slacik, 2009; on multi-assets volatility Pesaran, Schleicher and Zaffaroni, 2009 ). Other fields of applications include trade flows (Eicher, Henn and Papageorgiou, 2010) , labour economics (Tobias and Li, 2004) and health economics (Jackson, Thompson and Sharples, 2009 ).
The model averaging approach implemented in this paper is based on informationtheoretic based model averaging and thick modelling (Kapetanios, Labhard and Price, 2008; Pesaran et al., 2009) Indeed, this composition is heterogeneous, with different CSR dimensions having different importance. In particular, good business behavior with customers and suppliers appear crucial. Results also provide strong evidence of the coexistence of corporate policies monotonically linked to economic performance and policies with optimal levels, hence reconciling competing theories.
The remainder of the paper is organized as follows. Section 2 details the empirical framework and the input of model averaging in the doing good and doing well Doing Well and Doing Good: a Multi-Dimensional Puzzle 5 theoretical and empirical debate. Section 3 presents data. Section 4 displays results and discusses main findings. Section 5 concludes.
METHODOLOGY Empirical Framework
Following previous literature (Orlitzky et al., 2003; Margolis et al., 2009 ), the basic model used to estimate the link between firm performance and CSR is as follows: (1) with i the number of firms and t the year of observation.
is the financial performance of firm, measured in this paper either by returns on assets (ROA) or returns on capital employed (ROCE).
is a global CSR measure (here the global Vigeo rating).
is a solvability ratio and is incorporated to capture the fact that the more stable a firm, the likelier it engages in CSR. is a size control measured by the logarithm of its net sales.
Larger firms are indeed more likely to encounter major pollutions of environmental hazards (Konar and Cohen, 1997) , to have larger resources devoted to social investments and to be more exposed to social pressure external pressure to commit to CSR. is research and development intensity. Based on a large corpus of theoretical literature linking research and development to long term economic performance, Waddock and Graves (1997) and later on McWilliams and Siegel (2000) highlight its importance as a control variable. Risk, firm size and R&D intensity are expected to have positive estimates. is the financial leverage (debt-toequity ratio) and provides a good indicator of management risk tolerance, which can impact decision making and arbitrage between short and long term performance (Waddock and Graves, 1997) . As such it is expected to negatively impact ROCE and ROA. Industry dummies (j) are introduced as industrial processes, scale savings, associated pollution levels, stakeholders activism, exposure and financial risks are sector specific (Margolis et al., 2009) . Country (k) is also controlled for as regulations, social demand and stakeholders" pressure vary between European countries. Year dummies account for the evolution over the studied period of CSR regulation, public awareness and firm involvement. Finally is the time variant error term of firm i at year t.
To estimate the basis model, Rogers (1993) "s estimators based on clusters (firms) are used instead of standard OLS to account for dependent and non-identically distributed error terms. Indeed, data is considered cross-sectional whereas firms count in average three observations and both White"s test and Breusch-Pagan"s test show some heteroscedasticity in the data.
Focusing on the estimation of Base Model would only add another standard empirical analysis to the large and inconclusive body of literature on the link between firm performance and CSR. This paper postulates that the lack of consensus observed in this literature arises from two related needs: first, the need to account for the multidimensional nature of CSR; and second, the need to acknowledge model uncertainty in this debate. First, theory lacks to back up empirical research and predict the joint effects and relative importance of CSR dimensions for economic performance. Indeed, theoretical frameworks either apply to an aggregated measure of CSR considered as a global provision of public good (e.g. Bagnoli and Watts, 2003; Baron, 2009) or to a specific CSR dimension (e.g. environment in Porter and Van der Linde, 1995; governance in Gompers et al., 2003) . Yet, little work aims at understanding the potential synergies and relative importance of CSR dimensions. An exception is Cavaco and Crifo (2010)"s study that formalizes CSR decisions as a multi-task agency problem with moral hazard.
The authors show that the impact of CSR on financial performance depends on the degree of complementarity or substitutability between the different CSR tasks.
Second, as CSR policies are part of a company strategy, chosen and implemented by the same firm managers, they are likely to show at least dome degree of multicollinearity.
This multicollinearity prevents from including several CSR dimensions at once in regressions. Among analysis succeeding to do so, Hillman and Keim (2001) (Baron, Harjoto and Jo, 2009 ). Model uncertainty is thus acknowledged in this paper by using model averaging as detailed in the next section.
Introduction of Model Averaging in the Doing Well and Doing Good Debate
This section limits itself to discussing the properties relevant to this paper. For a comprehensive discussion, the reader is referred to Pesaran et al. (2009) and Kapetanios et al. (2008) .
Let us start with a set of models. This set is denoted where is the i-th of the m models considered. In this paper, this space of models consists of all the possible subsets of candidate regressors that have been suggested by the distinct theories summarized in previous section. Our interest is a parameter Δ. The Bayesian framework provides a probability distribution for Δ given and the observed data D.
The relevant information data set at time t is denoted . The probability distribution of the parameter of interest over the space of models considered is given by:
where is the conditional probability distribution of given a model and the data . It can easily be obtained from standard model specific analysis.
is the posterior probability of Mi, that is the conditional probability of the model being the true model given the data .
In the Bayesian Model Averaging (BAM) framework, weights used to combine the models under consideration are their respective posterior probabilities . This approach requires specifications of the prior probability of model and has been the focus of a large corpus of literature.
An alternative to BAM consists in approximating the weights by information criteria weights, such as Akaike weights or Schwartz weigths (Pesaran et al., 2009 ).
This approach is developed in Kapetanios et al. (2008) as the information theoretic
Model Averaging, building on the influential work of Burnham and Anderson (1998) .
Applications are expanding and include growth economics (Wagner and Hlouskova, 2009 ), finance (Hansen, 2008) , tourism development (Wan and Zhang, 2009 ), health economics (Claeskens, Croux and van Kerckhoven, 2006) and environmental economics (Layton and Lee, 2006) .
A first weighting scheme proposed in the literature is based on Akaike"s information criteria (1973, 1974) , known as AIC. AIC is defined as:
AIC has two components: the negative loglikelihood -ln (L), which measures lack of model fit to the observed data, and a bias correction factor, which increases as a function of the number of model parameters k. More technically, this criteria is an extension of the log-likelihood theory and is based on the Kullback-Leibler information, which can be conceptualized as a "distance" between full reality and a model. Difference in AIC between two models can thus be analyzed as an estimate of the difference between the Kullback-Leibler distance for the two models. For in-depth analysis of AIC"s theory, uses and limits, see Sakamoto, Ishiguro and Kitagawa (1986) , Bozdogan (1987) and Konishi and Kitagawa (2007) .
AIC has been criticized for its propensity at over-fitting models, meaning that it tends to select too many variables. Sugiura (1978) and Tsai (1989, 1995) hence introduced the corrected AIC (AICc), which is AIC with a second order correction for small size samples: (4) with k the number of model parameters and n the number of observations. As n increases, AICc converges to AIC and is asymptotically efficient in both regression and times series. For linear regression, AICc has better bias properties than does AIC. 
where . w i can be interpreted as the probability of selecting model i as being the best if analyses were repeated using independent samples from the same population (Burnham and Anderson, 2002) . This paper implements the use of corrected Akaike weights, based on AICc.
Let us now go back to our parameter of interest Δ. Following Burnham and Anderson (2002) , the averaged estimate of Δ is provided by (6) with the parameter of interest in model , is the estimate of in model . Δ unconditional standard error is given by:
The second weighting scheme considered in this paper is based on the frequently used Schwarz Bayesian Information Criteria (Schwarz, 1978) , further on SIC, defined as: (8) Baltagi (2001) points out that SIC is consistent, meaning that as the sample goes to infinity, the probability that it will choose the correct model from a finite number of models goes to 1. A drawback of this property is that in small samples, SIC tends to select underfitting models. Consequently model selection based on SIC tends not to pick up enough variables in the "best" models. Hereby SIC based model averaging tends to bias downwards variable weights. A last refinement used is this paper is the combination of information-theoretic model averaging with thick modelling. As detailed in Pesaran et al. (2009) Descriptive statistics can be found in Table 1 .For a complete description of the variables and data, the reader can refer to the Data Appendix.
(Place Table 1 about here)
RESULTS

Results Robustness
This section focuses on control estimates to ensure result robustness. First, it compares as a benchmark Base Model estimates with AICc MA results on global CSR. Then both AICc MA and SIB MA are used with disaggregated CSR on top 100 performing models. Averaged estimates are compared across both methods and financial performance measures (ROA and ROCE). Analyses are also conducted on both a restricted sample (with R&D control) and the full sample (without R&D control). (Tables 4 and 6 ). This consistency supports result robustness.
Finally, to ensure MA result robustness and significance of the calculated variable weights, a permutation test (also called randomization test) is also built and conducted.
Test results give us a probability equivalent to a p-value. 1000 permutations were used to compute the test, meaning the smallest possible p-value obtained is 0.001.
(Place Table 4 about here) (Place Table 5 about here) (Place Table 6 about here) (Place Table 7 about here)
CSR Dimensions Do Not Equally Matter to Do Well and Do Good
Let us now focus on CSR estimates. Results obtained with the Global CSR measure support the existence of a positive link with financial performance. Indeed, global CSR rating parameter is estimated to be positive and significant at the 5% level for ROA (1.20) and at 1% for ROCE (2.11) with standard OLS on the restricted sample only. The global CSR averaged estimate is also positive (0.25 to 0.59 for ROA in Table 2 , 0.40 to 1.37 for ROCE in Customers and Suppliers on the full sample are not drown back to null weight (Table 5) .
To explain ROCE, Customers and Suppliers (weight 0.40 to 0.41, Table 6 ) stand out as the important variable both on the restricted and the full samples, weekly followed by Environment (weight 0.40, Table 6 ), particularly on the full sample. Human Resources comes third with a weaker effect than observed for ROA. SIC MA once again proves very selective but Customers and Suppliers dimension is the only CSR dimension kept.
A main finding of the paper is that all CSR dimensions do not equally matter to do well and do good. A hierarchy clearly stands out between CSR dimensions, robust and consistent across various samples. This hierarchy is dominated the Customers and Suppliers dimension, followed by the Human Resources and, in a lesser extent, the Environment dimension. Let us know focus on averaged estimates obtained for each of these CSR dimensions.
Good Business Behaviors with Customers and Suppliers Are Core
The Customers and Suppliers CSR dimension relates to respect of business integrity, including sustainable and transparent relationships with customers and suppliers. This Disentangling consumer relationships, supplier relationships and advertisement effects would thus be an interesting path for further research.
Coexistence of CSR Policies With and Without Optimal Level
The second major finding of this paper is the coexistence of CSR policies monotonically linked to profitability and of CSR policies with optimal levels.
On the one hand, a monotonic relationship is found between the Human Resources CSR dimension and both financial measure (except for ROA on full sample). This dimension here refers to a proactive human resources corporate policy, including career development, continuous improvement of labour relations and quality of working condition Being worst-in-class is thus found to be negatively linked with financial performance whereas being best-in-class in positively related. This finding is in line with previous works showing that human resources policies can help recruiting motivated employees with team work values, securing firm survival and long-term performance (Brekke and Nyborg, 2008) and reducing costly employee turnover (Portney, 2008) . Empirically, similar findings are made by Galbreath (2006) link. This paper results are thus in line with Barnett and Salomon (2006) , who made a strong case for this curvilinear relationship. However, this paper also shows that the structure of the relationship between economic performance and CSR depends on the dimensions considered.
Implications for Further Research and Corporations Seeking to Do Well and Do
Good
Clearly, this paper results do not imply that to succeed in doing well and doing good a firm should heavily invest on its business behavior towards its customers and suppliers, improve its human resources policies, cut down its environmental performance and drop all policies regarding its community involvement and governance. Indeed, causality between CSR dimensions and financial performance and complementarities between CSR dimensions are still left unexplored in this paper and ought to be the focus of further work. For instance, being proactive in environmental policies might be costly at year t and only possible for firms with good cash-flows. However, this environmental policy will be communicated to customers if the firm is performing on business behaviors with consumers. Communication to customers might hence increase their willingness to pay for the firms product at year t+1, improving sales. Supporting the existence of interactions between CSR dimensions, Cavaco and Crifo (2010) found complementarities between good business behaviors and proactive human resources policy, but substitutability between the latter and environmental performance.
However, this study strongly advocates the acknowledgement of model uncertainty in further research on how to do well and do good. It supports that CSR heterogeneously impacts corporations" performance depending on its composition, and that this composition bears an optimum. CSR does not come as a bundle to be blindly promoted but rather encompasses multiple dimensions with various effects on profitability. As such corporations should carefully select which CSR policy mix to implement, with special care to their customers and suppliers satisfaction, which is shown in this study to stay at the core of economic performance.
CONCLUSION
This paper contributes to the question of how corporations profitably provide public good by focusing on the multidimensional nature of corporate social responsibility (CSR). Model uncertainty is highlighted as a key issue at the base of the absence of strong consensus in the literature linking CSR to financial performance. To account for both the multidimensional nature of CSR and model uncertainty, model averaging is introduced. This powerful tool unveils the composition of corporate policies that matter for profitability. Good business behaviors with customers and suppliers dominate this composition. Strong evidence is also provided on the co-existence of policies with optimal level for financial performance and monotonic policies. In particular, a monotonic relationship is found for human resources management and a hump-shaped relationship for environmental policies, supporting the existence of an optimal level of environmental performance to be reached by corporations.
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DATA APPENDICE Corporate Social Responsibility Data
Vigeo ratings on five CSR dimensions are used in this paper: environmental policy rating (Environment), corporate governance (Governance), human resources management (human resources), involvement in local communities (Community involvement) and business behaviors towards customers and suppliers (Customers & suppliers).
Vigeo identifies CSR issues by sector and, for each CSR dimension, specific criteria are selected and weighted according to: CSR type and impact on sectoral stakeholders; stakeholders" impact exposure; and finally sectoral risks if the impact is not correctly managed.
Vigeo then rates firm performance on CSR dimensions in terms of leadership, implementation and results. A final score is calculated by firm for each dimension on a 0 (minimum) to 100 (maximum) scale.
For firms to be comparable across sectors, firm scores are benchmarked against their sector average score. The resulting rating is provided on a five-level scale: "worst-inclass" (5%), "below sector average" (25%), "in the sectoral average" (40%), "proactive" (25%) and "best-in-class" (5%). For the purpose of this paper, those ratings are quantified into a three-level scale: worst (bellow sectoral average; 30%); average (40%); best (above sectoral average).
As Vigeo systematically rates the DJ Stoxx 600 firms (largest listed European firms), there is no bias selection in data. Academic work based on Vigeo"s data is still scarce (Van de Velde et al., 2005; Cavaco and Crifo, 2010) and promising, notably because it allows researchers to study the European market whereas most previous studies focused on the United States market.
Financial Data
Financial performance and control variables data come from the Bureau Von Dijk"s Orbis global database, which is sourced from many different providers. All financial measures are given in 2005 United States dollars and observations with unconsolidated accounting data and more than one subsidiary were not kept. Control for outliers is done by winsorizing at the 2% and 98 % levels ROA and ROCE.
In full sample (not restricted to R&D intensity data availability), firms belong to 17 different countries and 14 industrial sectors (see Table A1 ).
Pearson correlation coefficients can be found in Table A2 .
(Place Table A1 about here) (Place Table A2 about here) 
